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Figure 1 shows the two traffic scenarios considered here. The pedestrian interaction scenario in 5 
panel (a) is based on the test track study by Schneemann and Gohl (16). They considered the 6 
question of how an AV should behave at a zebra crossing, by studying the interactive behaviour of 7 
human drivers and pedestrians, as a function of initial car speed ݒ଴ and time to collision (TTC; or 8 
alternatively in this scenario time to arrival) at the moment when the pedestrian was instructed to 9 
step up to the crossing, prompting decelerations from the (uninstructed) drivers. Here, what will be 10 
modelled is the pedestriDQ¶VGHFLVLRQWRFURVVRU\LHOGDVDIXQFWLRQRIFDUPRYHPHQWV, as well as of 11 
more direct indications from the car (from either the driver or the AV, as the case may be) about 12 
having seen the pedestrian, and about its possible intentions to yield.  13 
7KHVDIHW\-FULWLFDOWDNH-RYHUVFHQDULRLQSDQHOELVEDVHGRQWKHVLPXODWRUVWXG\E\*ROG14 


















Model of pedestrian crossing decisions  3 
The basic hypothesis behind the pedestrian model, illustrated in Figure 2, is that the pedestrian 4 
makes the action decision to cross based on either or both of two perceptual decisions: (i) A 5 
perceptual decision that it is possible to pass the road before the car arrives, made by observing the 6 
visual looming quantity ߬ ൌ ߠȀߠሶ ǡ with ߠ WKHSURMHFWHGDQJOHRIWKHFDURQWKHSHGHVWULDQ¶VUHWLQD. ߬ 7 
is a close approximation of TTC if assuming constant speeds (19), and is assumed to be compared 8 
to a threshold ߬௣௔௦௦. (ii) A perceptual decision that the car GULYHURU$9EXWKHUH³FDU´ZLOOEH9 
used for short) intends to yield, but not if the actual car movements clearly suggest that it is still 10 
unsafe to cross (߬ ൏ ߬௣௔௦௦). To make the decision about whether or not the car intends to yield, the 11 
pedestrian is assumed to monitor the quantity ሶ߬ ൌ ߬Ȁݐ, which is ൒ െ ?Ǥ ? if the car stops at or 12 
before the zebra crossing (19), but also explicit communication acts (e.g., headlight flashes). 13 
However, if the pedestrian decides that the car has not seen him/her (e.g., based on driver head 14 
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 1 ݐ ࡭ሺݐሻ ൌ െ  ?ܶ࡭ሺݐሻ ൅ ࢃ௒ߪ௒൫࡭ሺݐሻ൯ ൅ ࢃǫߪǫ൫࡭ሺݐሻ൯ ൅ ࢃேߪே൫࡭ሺݐሻ൯ ൅ ࡲሺݐሻ ൅ ࣇሺݐሻ (1) 
 2 
where ܶ is a decay time constant, the ࢃy are matrices of connections between decision units, the 3 ߪy are activation functions, ࡲሺݐሻ is a vector of external inputs, and ࣇሺݐሻ is a vector of noise, 4 
accounting for between-trial behavioral variability due to for example variations in brain activity, 5 
modelled here as Gaussian noise with standard deviation ȭ ?ȟ, where ȭ is a parameter and ȟ is 6 
the simulation time step (9). In this first model implementation, to simplify the manual tuning 7 
process, all elements in ࢃy were kept either at zero (no connection) or ±1 (excitatory and 8 
inhibitory connections), rather than being freely tuned. Also for simplicity, the activation functions 9 
were kept piecewise linear: ߪ௒ሺܣሻ ൌ  ? and 1 for ܣ ൑  ? and ܣ ൒  ?, respectively, and linearly 10 
increasing in between, and ߪேሺܣሻ ൌ ߪ௒ሺെܣሻ, such that the two functions respond maximally 11 
when ܣ LQGLFDWHV³\HV´DQG³QR´UHVSHFWLYHO\)XUWKHU ߪǫሺܣሻ ൌ  ? െ ߪ௒ሺܣሻ െ ߪேሺܣሻ, i.e., zero at 12 ܣ ൌ േ ? and linearly increasing from both sides to a maximum of one at ܣ ൌ  ?. The external 13 
inputs to the decision units were:  14 
 15 
x ܨଵሺݐሻ ൌ ݄ଵ൫߬ሺݐሻ൯ ൌ ݇ଵ൫߬ሺݐሻ െ ߬௣௔௦௦൯, corresponding to the perceptual decision about 16 
whether the time margin for crossing is currently above ߬௣௔௦௦ ൌ  ? s.  17 
x ܨଶሺݐሻ ൌ ݄ଶሺ߬ሺݐሻሻ ൅ ݄ଷሺݐሻ, where ݄ଶሺ߬ሺݐሻሻ ൌ ݇ଶ൫ ሶ߬ሺݐሻ െ ሶ߬௦௧௢௣൯, corresponding to the 18 
perceptual decision about whether the car is decelerating to stop before the zebra crossing. Here 19 ሶ߬௦௧௢௣ ൌ െ ?Ǥ ? ? was used, to accumulate positive evidence also in the limit case ሶ߬ ൌ െ ?Ǥ ?. The 20 
input ݄ଷሺݐሻ was set to one to model the case where the car is providing some communicative act 21 
interpreted by the pedestrian as indicating an intention to yield, e.g., flashing the headlights, zero 22 
otherwise. 23 
x ܨଷሺݐሻ ൌ ݄ସሺݐሻ was set to one to model the car or its driver doing something that the 24 
pedestrian takes as evidence of the car seeing the pedestrian, e.g., eye contact or related head pose 25 
in the case of a human driver, or some external HMI in the case of an AV, or minus one if the car is 26 
doing something that the pedestrian takes as evidence of the opposite, e.g., a car driver is looking 27 
somewhere else.  28 
x ܨସሺݐሻ ൌ  ?Ǥ 29 
 30 
0DQXDOWXQLQJLQGLFDWHGVDWLVIDFWRU\PRGHOEHKDYLRUIRUܶ ൌ  ?Ǣ ȭ ൌ  ?Ǥ ?Ǣଵ݇ ൌ31  ?Ǥ ?Ǣ  ଶ݇ ൌ  ? 32 
 33 
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x ܨଵሺݐሻ ൌ ݇ଵ߬ିଵሺݐሻ, modeling the perceptual decision of whether the vehicle ahead is 1 
coming closer. 2 
x ܨଶሺݐሻ ൌ െ݇ଶሺ߬ିଵሺݐሻ െ ߬௣ି ଵሺݐሻሻ, modeling the perceptual decision of whether braking is 3 
solving the conflict. 4 
x ܨ଺ሺݐሻ ൌ ݇ଷሺ߬ିଵሺݐሻ െ ߬௣ି ଵሺݐሻ െ ߬஻ି ଵሻ, modeling the decision to increase braking (12). 5 
x ܨ଻ሺݐሻ ൌ ݇ସሺ߬ିଵሺݐሻ െ ߬ௌି ଵሻ െ ሺ ?ǡ ହ݇ሺ߬ିଵሺݐሻ െ ߬ேௌିଵሻሻ, modeling a positive looming 6 
contribution to the decision to change lane and a negative contribution to the same decision 7 
coming into play once ߬ିଵ ൐ ߬ேௌିଵ, where ߬ேௌିଵ ൐ ߬ௌି ଵ. 8 
7KHUHPDLQLQJLQSXWVZHUHGHILQHGDV 9 
x ܨଷሺݐሻ ൌ ݇଺ and ܨସሺݐሻ ൌ ݇଻, both if the driver is directing gaze towards the adjacent lane 10 
(whether by mirror checks, shoulder checks, etc, is not defined in the model), zero otherwise.  11 
x ܨହሺݐሻ ൌ  ?. 12 




Reproducing pedestrian crossing behavior 18 
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Reproducing safety-critical take-over behavior 11 
)LJXUHDVKRZVIRXUH[DPSOHWLPHKLVWRULHVJHQHUDWHGE\WKHWDNH-RYHUGULYHUPRGHODOOZLWK12 




























































Optimizing AV traffic flow at a pedestrian crossing 8 
If an AV intends to yield to a pedestrian, how should it behave so as to help the pedestrian make 9 
the crossing decision as quickly as possible? To answer this question, it was assumed that once the 10 
pedestrian starts walking, the AV adapts acceleration to pass behind the pedestrian, and then 11 
accelerates at 1 m/s2 back up to the initial 50 km/h (31 mph). The time lost in the interaction was 12 
then calculated by comparing the distance travelled before regaining the initial speed, to the 13 
distance that would have been travelled in the same amount of time at constant speed, i.e., as if 14 












ZKHWKHUWKHFDUZLOOVWRSEHIRUHWKHFURVVLQJLHRIZKHWKHU ሶ߬ ൐ െ ?Ǥ ?LVGLIILFXOWZKHQWKH27 
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